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Battery lifetime is one of the main challenges that impedes the deployment of energy-constrained wireless
networks, such as unattended Internet-of-Things (IoT) systems. To prolong battery lifetime, the duty-cycle
mode is utilized in many IoT systems, especially in environment monitoring Wireless Sensor Networks (WSN)
and Low-Power Wide-Area Networks (LPWAN). In duty-cycle mode, devices transmit packets during the
active phase, which lasts for a short time, and sleeps the rest of the time. Prior research mainly focuses on
energy efficiency in the active phase; energy consumption during the sleep phase, however, is always ignored,
as it is assumed to have little margin to be optimized. In this work, we reveal that sleep phase can become
a significant battery consumer due to the misconfiguration of General-Purpose Input/Output (GPIO) pins of
micro-controllers. We propose OPCIO, which incorporates a genetic algorithm to obtain energy-efficient GPIO
configurations automatically to squeeze the energy waste during the sleep phase. We prototype OPCIO on offthe-shelf devices and evaluate it on two ARM devices. Experiment results show that OPCIO can effectively
find multiple low-power configurations that prolong the lifespans up to 10×.
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1 INTRODUCTION
With the rapid development of wireless sensing technologies and demands of modern smart lives,
smart systems such as smart cities [35], smart homes [22], and smart industrial [23] become new
trend applications for IoT systems. Deploying a large-scale IoT system is costly and time consuming. Not only because of deployment difficulties, users usually expect the system can last for years.
For instance, large-scale IoT systems such as smart city systems [44] for smart parking [30], air
quality monitoring [29], and traffic control [18] are composed of thousands of devices, which make
the system expensive and hard to rebuild. Most of the aforementioned systems are deployed outdoors, and devices can only be powered by batteries. With constrained power supply, extensive
research has been proposed to extend the lifespans for such systems.
There are two typical methods for energy saving: reducing the power consumption or decreasing the time period of the active phase. These two methods are based on a common understanding
that devices consume much more energy in the active phase when compared with the sleep phase.
As for the first method, routing protocols such as ring routing [40], EDAL [43] and SEECH [39]
and MAC protocols [16, 17] such as CAD-MAC [33], E-BMA [37], and STAIRS [14] are all proposed
to save energy by optimizing running mechanisms during the active phase. Besides these, designers tend to set devices to sleep mode once they finish tasks. Taking a smart parking system [30]
as an example, devices in smart parking systems are only operated in the active phase when a
car comes or goes, which leads to a result that over 99% of their lives are operated in the sleep
phase. Other ultra-low-duty-cycle systems, like a fire-alarm system, may even be operated in the
ultra-low-power mode for its entire life.
As discussed above, we find that only the active phase is considered for energy efficiency. However, our observations in some IoT systems reveal that reducing the power consumption of the
sleep phase can achieve unexpected performance, especially when devices are operated in ultralow-duty-cycle, i.e., the duty cycles of systems are less than 0.5%. In an ultra-low-duty-cycle system, the time duration of the sleep phase is a hundred times longer than the active phase, which
makes the power consumption during the sleep phase impossible to ignore. However, without
elaborate design, the sleep phase becomes a new candidate and leaves us a broad space for energy
efficiency. Taking a duty-cycle system [25] as an example, devices are active for 0.75 second every
10 minutes (i.e., a duty cycle of 0.125%). Given a device whose current draw is 95 mA in the active
phase and 180 μA in the sleep phase, decreasing the current draw from 180 μA to 100 μA in the
sleep phase can extend the battery life by 36.6%. Thus, the power consumption during the sleep
phase should also be taken into consideration.
A common misunderstanding is that operating a device in low-power mode guided by the
datasheet can obtain an optimal power consumption during the sleep phase. However, we discover that devices can still consume a considerable amount of energy with the instruction of the
datasheet, especially when peripheral modules are unknown. Essentially, an MCU contains several General-Purpose Input/Output (GPIO) pins that are used to drive and monitor peripherals,
e.g., flash memories, LEDs, temperature sensors. In the sleep phase, an MCU operates in a lowpower mode where it is still powered to sustain a timer for triggering the next active phase. Our
observations based on smart devices in Reference [42] reveal that the current draw in sleep phases
can range from about 10 μA to over 15 mA, depending on GPIOs’ statuses, leading to more than a
1,500-fold difference.
As noted above, configuring GPIOs to proper statuses seems promising to reduce a device’s
energy consumption in the sleep phase. However, minimizing a device’s energy consumption
in the sleep phase by searching the proper GPIO configuration is challenging due to various
circuit schematics and external peripherals. First, different designs of devices have different peripheral components and numerous auxiliary circuits to ensure their functionality. Thus, the
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Table 1. Working Currents of Typical Electronic Components
in Embedded Devices

Module
RF chips
MCU
DC-DC
Converters

Model
CC2430
CC2530
AT86RF212
MSP430
TPS8268x
LMZ10501

Current (active)
25 mA (TX)
29 mA (TX)
19 mA (TX)
1.32 mA
7 mA
6.5 mA

Current (sleep)
0.3 μA
0.3 μA
0.2 μA
0.1 μA
0.5 μA
18 μA

configuration of GPIOs varies for different device designs. However, GPIO pins are interdependent when allocated to the same peripheral, which makes a general setting for all GPIO pins not
applicable. To overcome these challenges, we propose OPCIO, which optimize power consumption
of devices by configuration GPIO pins in the sleep phase automatically by utilizing the genetic
algorithm. OPCIO is user-friendly with only the knowledge of the MCU type. Moreover, OPCIO requires almost no human intervention nor insightful knowledge on a node’s peripherals and only
needs to be executed once for each design of devices.
The contributions of our work include the following:
• We discover that for embedded systems working in ultra-low-duty-cycle, reducing the
power consumption in the sleep phase is crucial to prolong their battery lives. To the best
of our knowledge, this is the first work that focuses on reducing energy consumption in
sleep phase. This observation provides a new angle for energy saving.
• Confirmed by our test data, we identify that configuring GPIOs to proper statuses is essential to reducing a device’s energy consumption in sleep phases. Based on this observation,
we propose OPCIO, an automated framework that optimizes power consumption for devices
by configuring GPIO pins in sleep phases without much human intervention.
• We prototype and validate OPCIO and experiment results based on two devices, proving that
OPCIO can decrease the power consumption in the sleep phase and extend system lifespans
efficiently, especially for ultra-low-duty-cycle systems.
We organize the remainder of this article as follows: We first reveal the benefit of reducing the
power consumption in the sleep phase and introduce the GPIO background in Section 2. We then
provide an overview of OPCIO in Section 3 and describe the details in Section 4 and Section 5. We
implement OPCIO in Section 6 and evaluate the performance of OPCIO in Section 7. Related works
are discussed in Section 8, and we conclude our work in Section 9.
2 BACKGROUND AND MOTIVATION
In this section, we first investigate the performance of reducing energy consumption in sleep
phases and then provide a brief introduction to the GPIOs of MCUs and reveal their impacts on
the energy consumption in sleep phases.
2.1

Power Consumption for Ultra-low-duty-cycle Systems

Reducing power consumption is a long-term issue, as we described above. For a device in IoT systems, which is usually an embedded device, electronic components consume different magnitudes
of energy when working in the active mode and the sleep mode. Here, we list the working currents of essential electrical components of embedded devices in Table 1. Three typical RF (radio
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Table 2. The Power Consumption and Time Duration in Active and Sleep Phases
for Typical Ultra-low-duty-cycle Systems

system
Tac t iv e
Soil Moisture Sensing [25]
0.75 s
UP-Link [21]
50 ms
IT-WSN [42]
1s
Smart Gas Monitoring [13]
1s

I ac t iv e
Tsl e ep
I sl e ep duty cycle (%) P ac t iv e (%)
95 mA
600 s
180 μA
0.125%
39.75%
13.6 mA 3600 s 1.5 μA
0.0014%
11.24%
28.26 mA 900 s 19.8 μA
0.111%
61.31%
55.8 mA 10000 s
8 μA
0.01%
41.09%

Psl e ep (%)
60.25%
88.76%
38.69%
58.91%

frequency) chips in Table 1 reveal that working in the active mode (TX or RX) consumes over 80K
times more energy than in the sleep mode. Thus, operating MCUs and radios in duty cycles [13,
15, 21, 25, 42], where devices become active for a short period to finish tasks and sleep as much as
possible, becomes an efficient method to extend the lifespan of the system.
The average power consumption (Avд_W) of a device operated in duty-cycle can be presented
as Equation (1), where Iavд can be calculated by Equation (2):
Avд_W = Iavд · V ,

(1)

Iavд = Iact ive · duty_cycle + Isl eep · (1 − duty_cycle).
(2)
V is the working voltage, which is usually a constant, e.g., 3 V . Generally, Iact ive is in milliampere
level and Isl eep is in microamp level. A common misunderstanding is that the power consumption
during the sleep phase is so small that it can be ignored. However, this cognition is far from the
truth when devices are operated in ultra-low-duty-cycle.
Nowadays, modern smart devices are often operated in ultra-low-duty-cycle, i.e., the duty cycles
of systems are less than 0.5%. For example, LPWANs are required to have a maximum duty-cycle
as 1% by ETSI [36]. According to the Global Market Insights [4], the LPWAN platforms held a
major market share of over 70% in 2018, and the size of LPWAN may exceed USD 65B by 2025.
In this case, the total power consumption during the sleep phase is considerable when compared
with the active phase.
Table 2 illustrates the power consumption and time duration during active and sleep phases of
four ultra-low-duty-cycle systems: soil moisture sensing system [25], UP-Link [21], IT-WSN [42],
and smart gas monitoring system [13]. These four systems cover various application scenarios,
including environmental monitoring, body WSN, wildlife tracking, and disaster detection. In these
cases, the power consumptions during the sleep phase are all less than 1 mA. In the soil moisture
monitoring system, the sleep phase consumes over 60% of the energy, which is much higher than
the active phase. Thus, even a small decrease of the energy used in sleep cycles is crucial to reduce
the overall consumption.
To have a deep understanding of the impacts on reducing the power consumption during the
sleep phase, we further analyze the data in Table 2. We calculate the lifespan of each system with
a decreased power consumption during active phase and sleep phase (70% and 50% of the original
ones) individually, and the results are shown in Figure 1. We find that when decreasing the same
degree of power consumption, the sleep phase can expand the lifespan even longer in most of the
cases (except the IT-WSN case). For example, in the UP-Link system, the lifespan is 2.465 years
with 50% power consumption in the sleep phase while this value is only 1.453 years in the active
phase.
Based on the above observations, we conclude that reducing power consumption in the sleep
phase is promising on extending the lifespans of systems. To the best of our knowledge, this is the
first research that is proposed to reduce the power consumption during the sleep phase and may
provide a new angle for energy saving.
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Fig. 1. The system lifespans with the decreased power consumption during active or sleep phase (Soil Moisture Sensing, UP-Link, IT-WSN, and Smart Gas Monitoring systems).

2.2

Optimizing GPIO Configurations

Modules consume far less energy when operated in the sleep mode (low-power mode) while peripheral modules are turned off and the MCU is set in low-power mode. However, we discover that
devices still consume a considerable amount of energy even if all modules are turned off, due to
the improper configurations of GPIOs (general purpose Input/Output). To understand the reasons
behind this, we first have a close look at GPIOs on MCUs.
2.2.1 GPIOs on MCUs. Though different MCUs have a various number of pins (e.g., 48, 64,
128), they can be categorized as two types: the ones with dedicated functions (e.g., connecting
to batteries) and the ones with general purpose, which are called general-purpose input/output
(GPIO) pins. Unlike those pins with dedicated functions, GPIOs can be controlled by users and
typically are used to drive and monitor peripherals. For example, one GPIO may be used to read
measurement values from temperature sensors, while another may be used to write the values to
a flash. To illustrate the property and the power consumption of GPIOs during the sleep phase,
we take STM32L151C8, an MCU in the STM32 family, as an example. Over 20B STM32 chips have
been embedded in smart devices during the past decade, which makes them good representative
MCUs for analysis. In the following, we will provide more details.
To illustrate, we show the structure of a GPIO in the 48-pin MCU in Figure 2(a) and show a
simplified version in Figure 2(b). In general, a GPIO pin can be configured as either input or
output. A GPIO pin has an input driver and an output driver, each of which is enabled when the
pin is programmed as input or output, respectively. Once the GPIO is set as input, the voltage level
(either low or high) presented on that pin is read into the MCU’s input data registers. If configured
as an output, it can source different logic voltages (e.g., 1 for high and 0 for low). Essentially, a
GPIO pin contains two transistors (P-MOS and N-MOS) and two resistors (pull-up and pull-down
resistors). In a digital circuit, a pull-up resistor refers to a resistor that is connected towards its
voltage source, and a pull-down resistor is the one connected to the ground. Pull-up and pull-down
resistors are used to prevent floating, i.e., an unknown state of a pin when it is not connected to
any external devices.
To control the two transistors, a GPIO pin can be configured either as Push-Pull (PP) or OpenDrain (OD). PP can activate either P-MOS or N-MOS: “PP:0” activates the N-MOS, leading to a
low voltage output, whereas “PP:1” activates the P-MOS, leading to a high voltage output. A pin
configured as open-drain can only output a low voltage level or be in a floating status, because
ACM Transactions on Sensor Networks, Vol. 16, No. 2, Article 16. Publication date: January 2020.
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Fig. 2. The structure of a GPIO pin in an STM32L151C8 [38].

Fig. 3. The configuration examples for GPIO pins.

P-MOS is never activated: “OD:0” activates the N-MOS, leading to ground the pin, whereas “OD:1”
leaves the I/O pin in floating status, which means that the I/O pin is neither driven to a high nor
low level.
The built-in pull-up and pull-down resistors are enabled at the running time and can function
when a pin is set both as input and output. Both resistors are controlled by Pull-Up (PU) and PullDown (PD) registers. Figure 3(a) illustrates an example of a reset function: The pin is set as input
and configured as the pull-up mode to keep itself at a high level. Once the button is pressed, the
pin is grounded, and the input pin reads a low level and the MCU is reset.
To summarize, by combining push-pull/open-drain and pull-up/pull-down, a GPIO pin of
STM32L151C8 can be configured as one of the 16 modes listed in Table 3.
2.2.2 GPIO Configuration vs. Power Consumption. A GPIO’s status determines the behavior
of the connected peripheral. In an active phase, GPIOs must be configured to satisfy functional
requirements. For instance, the pin that drives an LED must be programmed as output to turn on
or turn off the LED. However, in sleep cycles, the goal of GPIO configuration is no longer to sustain
peripherals’ functionality but to reduce their energy consumption.
The configuration options in sleep cycles are more than the ones in active cycles, and each of
them may lead to different energy consumption. We should also note that turning peripherals off
ACM Transactions on Sensor Networks, Vol. 16, No. 2, Article 16. Publication date: January 2020.
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Table 3. Summary of GPIO Configuration Modes in STM32L151C8

Mode
(0) PP:0
(2) PP:PU:0
(4) PP:PD:0
(6) OD:0
(8) OD:PU:0
(10) OD:PD:0
(12) IN:FLOAT
(14) IN:PD

Comments
push-pull/float, write 0
push-pull/pull up, write 0
push-pull/pull down, write 0
open-drain/float, write 0
open-drain/pull up, write 0
open-drain/pull down, write 0
input float
input pull-down

Mode
(1) PP:1
(3) PP:PU:1
(5) PP:PD:1
(7) OD:1
(9) OD:PU:1
(11) OD:PD:1
(13) IN:PU
(15) AN

Comments
push-pull/float, write 1
push-pull/pull up, write 1
push-pull/pull down, write 1
open-drain/float, write 1
open-drain/pull up, write 1
open-drain/pull down, write 1
input pull-up
analog input

Table 4. The Power Consumption of a Device with Different GPIO Configurations (Pin 15)

Mode of pin 15
mode 0
mode 2
mode 4
mode 6
mode 8
mode 10
mode 12
mode 14

Power consumption
9.7 μA
84.4 μA
9.7 μA
10.1 μA
84.1 μA
10.1 μA
21.5 μA
13.8 μA

Mode of pin 15
mode 1
mode 3
mode 5
mode 7
mode 9
mode 11
mode 13
mode 15

Power consumption
9.8 μA
9.7 μA
83.2 μA
21.8 μA
10.1 μA
11.2 μA
11.4 μA
11.1 μA

directly does not always mean zero power consumption. Finding the right configuration is tricky,
because two modes may appear to output the same voltage level but will induce different energy.
For example, both mode 0 (PP:0) and mode 2 (PP:PU:0) output a low level. However, mode 2 will
consume more energy, because extra current will flow between VDD and ground through the pullup resistor. This extra power is not noticeable in an active cycle when an MCU is busy. However,
it could be a major source of energy waste in sleep cycles.
However, different configurations for transistors also reveal different power consumption conditions. Specifically, the power consumption for the transistor contains three components, including static power dissipation, short-circuit power dissipation, and dynamic power dissipation. The
power consumption for the transistor can be calculated as follows:
Pt r ansist or = Pst at ic + Pshor t −cir cuit + Pdynamic .

(3)

Pst at ic is a constant energy cost, which is the leakage current of the transistor. Pshor t −cir cuit is
introduced when both transistors are on at the same time. The switching of the transistor’s gate
can lead to additional power consumption Pdynamic . Therefore, different modes of GPIO pins set
transistors in different conditions, which leads to various power consumption eventually.
To validate this, we conduct an experiment to reveal the current draws in sleep phases while
setting the GPIO pin in Figure 3(b) in different status. The GPIO pin in Figure 3(b) is utilized for
driving an LED. We change the mode of the pin from mode 0 to mode 15 (Table 3) while keeping
other pins the same and measuring the current draw, respectively. The results are shown in Table 4.
During the sleep phase, the current draw of mode 2 is 84.4 μA, whereas the current draw of mode
0 is 9.7 μA. Such a difference (around 75 μA) is non-negligible for a low-power device. The reason
behind this is that a pull-up resistor will be connected when we set the GPIO pin in Figure 3(b) in
mode 2, which generates an additional current and leads to necessary energy consumption.
ACM Transactions on Sensor Networks, Vol. 16, No. 2, Article 16. Publication date: January 2020.
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Fig. 4. The overview of OPCIO. OPCIO consists of a generation module and an evaluation module, and the
output of the evaluation module can be the feedback to the generation module.

However, configuring the right GPIO status requires a deep grasp of GPIO internal structure and
peripheral devices, which is exactly what this article aims to avoid. Granted that engineers with
abundant experience may find the low-power GPIO configuration for their devices by carefully
examining the schematics, developers with limited hardware knowledge (e.g., application developers) may not be capable to achieve the goal. Thus, we propose OPCIO, which can help software
developers find the right configuration that maps to small energy consumption in the sleep phase
automatically. In particular, we envision that OPCIO is useful in the following cases:
• OPCIO can help software developers, particularly those with little hardware knowledge, to
quickly find out low-power configurations in sleep cycles without much intervention with
hardware;
• OPCIO can help embedded device designers to review the platform, because possible design
faults can make it tricky to configure GPIO pins to achieve low-power requirement;
• OPCIO can be a useful tool for hardware manufacturers to discover the default configuration
for the GPIO pins in their SDKs or micro operating systems for smart devices.
3

OPCIO OVERVIEW

In this section, we first provide a brief introduction of OPCIO, which optimize power consumption
of devices by configuration GPIO pins in the sleep phase automatically. Then, we describe the
architecture of OPCIO and give definitions to some terms for further illustration.
3.1

An Introduction of OPCIO

OPCIO aims at providing low-power GPIO configuration solutions for devices during sleep phases,
and therefore expands device lifespans eventually. Granted that engineers with abundant experience may find the low-power GPIO configuration for their devices by carefully examining the
schematics, OPCIO provides developers with limited hardware knowledge (e.g., application developers) an easier way to search for the low-power GPIO configuration solutions. The users of OPCIO
should at least be aware of the type of target device’s MCU. This is the only requirement for users
when using OPCIO.
It is challenging to design a universal GPIO configuration mechanism for diverse devices. First,
OPCIO should be capable of adapting different platforms while devices in IoT systems are embedded with variant MCU chips and operating systems. Second, OPCIO should elaborately select GPIO
configurations in an efficient way instead of attempting all possible solutions. Moreover, obtaining the power consumption of devices by reading register directly is infeasible, while additional
function may cause extra power consumption. Thus, we need to design a module to evaluate the
power consumption for different GPIO configurations.
To address the above challenges, we design OPCIO with four modules, as shown in Figure 4.
OPCIO is composed of a generation module and an evaluation module. Users first input the type
of MCU to the generation module. The generation module then generates candidate configuration
solutions for the evaluation module. The candidate configuration solutions are the possible GPIO
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Fig. 5. The architecture of OPCIO.

configurations for devices, which we called “profiles” in the following. The evaluation module
measures the power consumption of the profiles provided by the generation module. The measurement results can work as feedback to guide the generation module to generate other profiles.
After evaluating all candidate profiles, OPCIO outputs the low-power GPIO configuration profiles
for users.
OPCIO is designed for cross-platform devices. Different devices could be embedded with different
MCU chips, and these MCU chips have different numbers of GPIO pins with variant structures.
OPCIO needs the GPIO information (including the number of GPIOs and the corresponding pin
sequences) as the input for the generation module. Therefore, we require users to manually provide the MCU type, and OPCIO can search for the GPIO information online. With only the GPIO
information, OPCIO can be generalized to devices with variant hardware and platforms. With the
knowledge of the GPIO information about devices, OPCIO generates candidate low-power configuration profiles for further evaluation. The evaluation module evaluates profiles’ power consumptions during the sleep phase. The evaluation phase is time-consuming, because each evaluation
requires deploying a GPIO configuration to a device and measuring its power under that configuration. Thus, reducing the number of configuration profiles is the key to increasing the efficiency
of OPCIO. We select GA (genetic algorithm) as profile generation algorithm, and the details will be
discussed in Section 4.
3.2

The Architecture of OPCIO

The architecture of OPCIO can be seen in Figure 5. A power supplier provides power to a target device, and a data logger measures the device’s power consumption in real-time. The measurement is
uploaded to a decision controller for further evaluation. The decision controller generates the candidate GPIO configuration profiles for devices. It also decides when to trigger the power supplier
to power on the device and when to trigger the data logger to monitor the power consumption.
It is worth mentioning that the decision controller transmits the GPIO configuration profiles to
the device wirelessly. If we connect the target device with the decision controller through serial
cables, we may introduce uncontrollable extra power consumption through the wire, which may
lead to inaccurate measurement results. To avoid such a consequence, the decision controller communicates with the target device wirelessly.
Besides communicating with the device and controlling the power supply and the data logger,
the decision controller is also responsible for the generating procedure: it selects top-ranked candidate profiles and derives the next generation. In our design, we choose GA to perform selection
and derivation. GA is based on the evolutionary principles in natural systems where competition among individuals for scant resources results in the fittest individuals dominating the weaker
ACM Transactions on Sensor Networks, Vol. 16, No. 2, Article 16. Publication date: January 2020.

16:10

X. Ji et al.

ones. They exploit historical information to direct the search into the region of better performance
within the search space. More details are provided in Section 5.
3.3

Terms Definition

Here, we define the terms used throughout this article:
• An instruction c i refers to a status of the ith GPIO. The possible statuses are denoted by
[0, . . . , m − 1], where m is the number of pin statuses.
• A profile p is an ordered list of instructions, i.e., p = (c 1 , . . . , c n ), where n is the number of
an MCU’s GPIOs.
• A generation G k is a set of candidate profiles that is evaluated by OPCIO in the kth round,
i.e., G k = {p1 , . . . , p N }, where N is the number of profiles in a generation.
• A solution pmin refers to the observed profile that consumes the least energy after running
a search algorithm one time. Its power is denoted by Pmin .
Notice that the definition of a solution pmin is different from the minimized solution, which is the
profile that consumes the least energy over all profiles. Thus, the minimized solution is independent
of search algorithms. To differentiate them, we denote the minimized solution and its power by
p̂min and P̂min . Running a search algorithm always gives us a solution, but it is not necessary to be
the minimized solution. The difference between Pmin and P̂min plays an important role to judge
the performance of a search algorithm.
4 GENERATION MODULE
The generation module provides profiles for analysis, and the efficiency of the generation module
impacts the performances of the OPCIO. In this section, we first describe the reasons why we select
GA as the profile generation algorithm and then illustrate the GA-based scheme in detail.
4.1

The Selection of Profiles Generation Algorithm

By selecting a proper profiles generation algorithm, we can search the low-power GPIO configuration in an efficient way. A naive brute force method can always find the profile with the minimum
power consumption (p̂min , P̂min ), but it is time-consuming. Given a 48-pin MCU that has 37 GPIO
pins and each pin has 16 statuses (e.g., STM32L151C8), the search space of a brute force algorithm
is 1637 . Thus, a greedy algorithm and heuristic algorithms become promising in our scenario.
4.1.1 Greedy Algorithm. Ideally, a greedy algorithm that adjusts GPIO pins one-by-one to find
the configuration that consumes the least energy is the most efficient method, and we implement
the greedy algorithm in Algorithm 1.
As shown in Algorithm 1, the greedy algorithm first generates a random initial profile by function RandomProfile(), which means generating a random mode for each GPIO pin. After that, the
greedy algorithm then traverses all modes (from the first mode to the mth mode) for each GPIO
pin (replace(pmin , c i , j)) and measures the power consumption of each profile (measure(p)). For
each GPIO pin, the greedy algorithm replaces the mode of GPIO pin as the one with the least power
consumption. After all GPIO pins are traversed, we can get a relative minimum profile pmin and
its power consumption Pmin .
It is worth mentioning that the efficiency of the greedy algorithm is based on an assumption that
all GPIOs are independent. Unfortunately, though GPIO pins for a specific MCU usually share the
same structure, these GPIO pins are not independent in most cases. The reason is that a peripheral
may be connected to multiple GPIOs at the same time, e.g., the radio chip in a temperature sensing
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Table 5. The Lowest Current Draws for a Temperature Monitoring Device (MCU:
STM32L151C8) Found by OPCIO with Greedy Algorithm

Greedy Algorithm

Round 1
32.4 μA

Round 2
403.6 μA

Round 3
509.6 μA

Round 4
10.7 μA

Average
209.075 μA

ALGORITHM 1: Find a profile with greedy algorithm
Input: n: number of GPIOs; m: number of configuration modes
Output: pmin : the solution; Pmin : the power consumption of pmin
pmin = RandomProfile(n,m,1);
/* generate one profile randomly
/* measure its power
Pmin = measure(pmin );
for i = 1 . . . n do
/* for each GPIO
for j = 0 . . . m − 1 do
/* for each mode
/* replace c i with j
p = replace(pmin , c i , j);
P = measure(p);
if P < Pmin ;
then
pmin = p;
Pmin = P;
end
end
end
return (pmin , Pmin )

*/
*/
*/
*/
*/

device [42] is driven by eight GPIOs. The circuit schematic is usually complex and different among
peripherals, which leads to dependencies within GPIO pins.
To validate our hypothesis that the greedy algorithm cannot always find the solution with the
minimum power consumption, we ran the greedy algorithm four times on a temperature monitoring device. The results of the lowest current draws found by the greedy algorithm for each round
are shown in Table 5. According to the experiment results, it takes four rounds for the greedy algorithm to reach an acceptable profile, and the average power consumption of the best solutions in
each round is 209.075 μA. We find that the best profile provided by the greedy algorithm is highly
related to the initial profile, which is randomly generated. The experiment results confirm that the
greedy algorithm does not converge consistently, and the greedy algorithm should not be selected
as the profiles generation algorithm.
4.2

Heuristic Algorithms

Heuristic algorithms try to give feasible profiles with acceptable costs. In most of the cases, the
feasible solution can be close enough to the optimal solution. Popular heuristic algorithms include
Genetic Algorithm (GA), Artificial Neural Networks (ANN), and Simulated Annealing (SA). Among
these three algorithms, we would like to choose the GA for the following reasons:
• It is hard to model the power consumption optimization problem into ANN while the corresponding relationships between the weights of the network and the GPIO modes are not
clear.
• Though SA may converge to a better solution than the GA, GA has a faster convergence
speed than SA with a small error to the optimal solution [34].
• GA can be adaptive to scenarios with a large number of parameters, thus it can be easily
applied in our problem where the numbers of GPIO pins vary from tens to hundreds.
• GA can provide multiple solutions that are close to the optimal solution.
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ALGORITHM 2: Find profiles with genetic algorithm
Input: n: number of GPIOs; m: number of configuration modes; K: number of generations; L: number of
profiles in a generation
Output: pmin : the solution; Pmin : the power consumption of pmin
G 0 = RandomProfile(n,m,L);
/* generate L profiles for the first generation
for i = 0 · · · K − 1 do
/* for each generation
for j = 0 · · · L/2 do
/* crossover and mutation

) ← (p j , p j+L/2 );
/* generate G i , an offspring set
G i = (p j , p j+L/2
end
/* measure the power consumption of G i and G i
Pi = measure (G i ∪ G i )
/* the lowest power consumption in ith generation.
Pmin (i) = min{Pi };
/* search the profile with the lowest power consumption.
pmin (i) = search (Pmin (i));
/* generate G i+1 by sorting the power consumption
G i+1 = search(top(sort(Pi , L));
end
Pmin = min{Pmin (1), Pmin (2), . . . , Pmin (K )};
pmin = search (Pmin );
return (pmin , Pmin )

*/
*/
*/
*/
*/
*/
*/
*/

Based on the aforementioned analysis, we would like to choose GA as the profile generation
algorithm. We describe GA in detail in the following.
4.3

GA-based Scheme

GA is inspired by natural evolutionary theory, and it can generate high-quality profiles for optimization and search problems.
We implement OPCIO with GA algorithm in Algorithm 2. GA first randomly generates a set
of candidate profiles, which is also called the first generation (G 0 ). Then, GA expands the search
space in a genetic way and it mimics the natural evolutionary process by crossover and mutation.
After this step, OPCIO obtains an offspring set of the current generation (G i). In general, a fitness
function is required in GA to evaluate the performance of each profile. In our case, the fitness
function is the power consumption under profiles. OPCIO derives the next generation by selecting
the top solutions and then it repeats the steps above till the last generation.
Many genetic algorithms have been proposed, and we employ NSGA-II (Non-Dominated Sorting Genetic Algorithm II) [9] in OPCIO, because NSGA-II is known to provide a better spread of
solutions and better convergence than many others.
In the following, we describe how to derive G k+1 from G k in detail.
(1) Encoding. A profile is represented as p = (c 1 , . . . , c n ), where n is the number of an MCU’s
GPIOs. GA encodes profiles in binary for further processing. Taking an MCU with 8 GPIO
pins as an example, if each GPIO pin contains 16 optional modes, we need 4 bits to represent each mode in binary, i.e., “0000-1111.” For a profile:
p = (15, 8, 3, 14, 3, 2, 0, 1).
It can be encoded as follows:
1111|1000|0011|1110|0011|0010|0000|0001.
(2) Crossover and mutation. During this procedure, the decision controller picks two profiles as a profile-pair from G k . There are L/2 pairs of profiles in a generation, where L is the
number of profiles in a generation. Each pair is considered as parents, and they produce
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two offsprings by crossing over and mutating their “chromosomes,” i.e.,
(pi, p j ) ← (pi , p j ),
where pi and p j are offsprings of pi and p j .
We use simulated binary crossover (SBX) [3] and polynomial mutation (PM) [8] in
OPCIO, because they have been proved to be the most efficient methods that work with
NSGA-II [9]. Both stimulated binary crossover and polynomial mutation are widely used
in genetic algorithms, and here we give an example of the stimulated binary crossover [3]
and polynomial mutation [8] in detail.
Given a pair of parents as p1 and p2 , and their offsprings after SBX as p1 and p2 , in SBX,
we introduce a spread factor β, and β is defined as:
 p  − p  
2
.
β =  2
 p2 − p1 

(4)

Therefore, we can obtain:
p1 = 0.5 ∗ [(1 + β )p1 + (1 − β )p2 ],
p2 = 0.5 ∗ [(1 − β )p1 + (1 + β )p2 ].
The probability distribution of β can be represented as follows:

β ≤ 1,
0.5(η + 1)β η
P (β ) =
1
0.5(η + 1) β (η+1)
otherwise,

(5)

(6)

where η is any nonnegative real number that can be selected by users, and we empirically
select η as 2 in OPCIO. To obtain the value of β in each crossover, we introduce μ ∈ U(0, 1),
and we derive the specific β as:
⎧
⎪ (2μ) η+1
β=⎨
1
⎪ ( 1 ) η+1
⎩ 2(1−μ )
1

μ ≤ 0.5,
otherwise.

(7)

Based on the above procedures, we are able to derive p1 and p2 from p1 and p2 after simulated binary crossover.
In the following, we describe the process of obtaining a mutated profile p  from a parent profile p after polynomial mutation. In the polynomial mutation, a user-defined index
parameter η − m is introduced as the polynomial mutation operator. In OPCIO, we empirically select ηm as 50, and p  can be obtained by:

p + δ L (p − pl ) μ ≤ 0.5,
(8)
p =
p + δ R (pu − p) otherwise,
where μ ∈ U(0, 1), pl and pu are profiles that all GPIO pins are configured in mode 0 or
mode 15. δ L and δ R can be calculated as:
1

δ L = (2μ) ηm +1 − 1, μ ≤ 0.5,
δR = 1 −

2(1 − μ)
, otherwise.
1 + ηm

(9)

After crossover and mutation, we finally obtain an offspring set:
G k = {p1 , . . . , p N }.
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Fig. 6. A profile is composed of multiple instructs for GPIO pins, and it is extensible for different microcontrollers. For each instruct, a sequence number and the state of the GPIO pins are contained.

The idea behind this crossover and mutation is to mimic the process in natural evolution:
an offspring’s chromosomes are inherited from her parents and may suffer occasional gene
alteration.
(3) Fitness measurement. In OPCIO, we select the power consumption of profiles as the
fitness function. Combining the G k and G K , we then measure the power consumption of
profiles in the union set G k ∪ G k , i.e.,
Pk = measure(G k ∪ G k ).
(4) Sorting and selection. We then sort the power consumption of profiles in G k and G K in
ascending order, i.e.,
sort(G k ∪ G k ).
Based on the sorted union set, the decision controller selects the top-ranked L winners as
the next generation G k+1 :
G k+1 = top(sort(G k ∪ G k ), L).
Once G k+1 is produced, each profile in G k+1 is deployed to the node and its power is measured
by the steps in Section 5.
5

POWER CONSUMPTION MEASUREMENT OF PROFILES

Profiles with less power consumption could be saved for the next generation in GA. In this section,
we first introduce the structure of a profile, and then we describe how to measure the power
consumption of a profile in detail.
5.1 Structure of Profiles
To let a device know how to configure its GPIOs, we define the structure of a profile in Figure 6. As
shown in Figure 6(a), a profile is an ordered list of instructions for each GPIO pin. An instruction
contains the sequence number of a GPIO pin and the configuration status of the GPIO pin. The
configuration status of a GPIO pin is shown in Figure 6(b), which includes input/output state and
output logical value (if set in output state). For example, if the MCU’s second pin is programmed
as the output state sourcing high voltage value, then the instruction for that pin can be denoted as
2-out:high. If a GPIO also has other configuration modes (e.g., pull-up mode and pull-down mode
in Table 3), they can be defined in INMODE and OUTMODE. The user can customize the profile
structure by defining their own INMODE and OUTMODE, depending on the MCU model that
they are using. Therefore, OPCIO is a framework that can be extended to different MCU models. In
Section 7, we will show how to extend OPCIO by looking at two examples.
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Fig. 7. Power measurement in a sleep cycle.

5.2 Power Measurement Walk-through
As we mentioned above, OPCIO contains a decision controller, a power supplier, a data logger, and
a target device. Figure 7 reveals the power measurement diagram for a single profile. We define
three primitive operations in the measurement procedure:
• Command (C). Triggered by the decision controller, commands are used to ask other components to take actions. For example, it can trigger the power supplier to turn on the target
device.
• Action (A). A component must take an action once it receives a command from the decision
controller. For example, the power supplier turns on the power.
• Feedback (F). A component must provide feedback to the decision controller that it has
finished an action. For example, the data logger sends T1 after its power measurement. Similarly, the target device sends T2 after it wakes up.
As shown in Figure 7, the controller first sends a PWR_ON command to the power supplier to
turn on the target device. After the power-on initialization, the device notifies the controller with
a feedback message INIT_DONE. Then, the controller transmits a profile to the device. The device
configures its GPIOs based on the received profile, sends a feedback message CONFIG_DONE to the
controller, and then turns to sleep mode for t seconds. The controller sends a MEASURE command
and requests the data logger to start power measurement for t/2 seconds. The data logger uploads
the instant power in real time and sends a message MEASURE_DONE when it finishes the measurement. Once the node stays in the sleep mode for t seconds, it notifies the controller with a message
SLEEP_DONE, and the controller triggers the power supplier to turn off the device. If the decision
controller has any other profile that has not been deployed yet, it will repeat the same procedure
for the next available profile.
During this process, we must ensure that the power measurement happens within a node’s sleep
mode. To achieve the goal, the controller records the timestamps of the following three messages,
as shown in Figure 7:
(1) T0 : the target device notifies the decision controller that it has finished configuration and
goes to sleep;
(2) T1 : the data logger notifies the decision controller that it has finished power measurement;
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Fig. 8. Devices used for OPCIO implementation.

(3) T2 : the target device notifies the decision controller that it has woken up from a sleep
cycle.
If T1 − T0 > t/2 and T1 < T2 , we can confirm that the measurement happens during a sleep cycle.
6 IMPLEMENTATION
In this section, we implement OPCIO based on off-the-shelf devices, as shown in Figure 8. The
system uses Monsoon Power Monitor [27] as the power supplier and Agilent U2541A DAQ [2]
as a data logger. We put a resistor in serial with the device to calculate the node’s power by
P = Vn ×

Vr
,
R

where Vn and Vr are the voltages of the device and the resistor, respectively, and R is the resistance
of the resistor.
The value of the resistor is important, because it is actually a voltage divider for the device.
For example, a 50Ω resistor causes a 2V voltage drop when the current draw is 40 mA, which will
lead to insufficient voltage for driving the device. In our experiment, we set the resistance of the
resistor as 10Ω.
We use a PC as the decision controller to send commands to the proxy node and the target device.
A direct approach to configure the GPIOs’ status for a target device is connecting the device to the
PC via a serial cable. However, extra power consumption through the serial cable is introduced,
which impacts the result for the OPCIO. Thus, we utilize a proxy node that connects with the PC
to help to deploy profiles. The proxy node receives profiles from the PC via a serial cable and
forwards them to the target device wirelessly. It also picks up the device’s feedback in the air and
reports the feedback to the PC via the serial cable.
To generate and evaluate profiles, we implement the genetic algorithm based on jMetal [1], a
multi-objective optimization tool written in Java. It provides APIs for users to define their own
problems and algorithms. In OPCIO, we define a profile’s fitness as its power consumption, and we
create a hash table tblPwr to store all measured profiles. For a profile p that has not been measured
yet, it will be deployed to the target device for measurement. If the profile has been measured
before, we acquire the power consumption by checking the hash table without re-measurement.
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As a result, the fitness of a profile p in OPCIO with GA is formulated as follows:

look_up(p) if p ∈ tblPwr,
f (p) =
measure(p) otherwise.

(10a)
(10b)

Here, f (p) is the profile p’s fitness, look_up(p) returns the power value from the hash table, and
measure(p) returns the power value by performing a measurement.
7

EVALUATION

In this section, we use two target devices as case studies to evaluate OPCIO. We first briefly summarize the architecture of the two devices, and then we introduce the experiment setup and evaluation
metrics.
7.1

Target Devices

We evaluate the performance of OPCIO on two devices that are deployed in intertidal zones for
environmental monitoring. Both devices are battery powered and wake up for 1 s per 15 minutes
(ultra-low-duty-cycle). Devices are left in the field and are supposed to work for years. Decreasing
the power consumption for such devices can prolong their lifespans significantly.
We show the two types of devices in Figure 9. To avoid confusion, we denote them as NODE-A
and NODE-B hereafter. They use the same radio chip and temperature sensor. However, they differ
from each other in the following major components:
(1) MCU. NODE-A is driven by STM32F103RC, which is a high-performance microcontroller
with 64 pins. NODE-B employs STM32L151C8, an ultra-low-power microcontroller with
48 pins that consumes less power than NODE-A in the low-power mode.
(2) External data flash. NODE-B is embedded with an external data flash to store extra
amount of data while NODE-A does not. The data flash communicates with the microcontroller through SPI (Serial Peripheral Interface), and the power source for the data
flash is controlled by toggling a GPIO pin.
(3) Power management module. NODE-A and NODE-B have different power management
mechanisms. NODE-A utilizes an LDO (low dropout) regulator to regulate the output voltage from the battery source and then uses the regulated voltage to feed the microcontroller. However, the microcontroller of the NODE-B is fed by the battery source directly.
(4) Battery source. With the help of an LDO regulator, NODE-A utilizes a 3.7 V battery as
the power source, whereas NODE-B is powered by a 3.0 V battery.
7.2

Experiment Setup and Metrics

In the experiments, we utilize a proxy node that is the same type as NODE-B to forward command messages and feedback messages between the PC and the target device wirelessly. For all
experiments, we generate 100 profiles (L = 100) for each generation, and the search stops after
20 generations (K = 20). The target device will turn to sleep mode for 10 seconds, and the data
logger measures the average current draw of the target device in the middle 5 seconds. It is worth
mentioning that the sampling rate of the data logger is 1000 Hz, thus the data logger records 5K
samples for each profile.
We run the OPCIO with GA algorithm on both NODE-A and NODE-B. For each type of node,
five experiments were performed, which are presented as R1 to R5. For the first four of them, the
initial profiles in the first generation are randomly generated. For the last one, the initial profiles
come from the first four experiments: 25 profiles are selected from each of the four experiments,
and these 25 profiles are the top ranked ones of the first generation among the four experiments.
In this way, we elaborately select profiles for the R5 experiment, which are supposed to have better
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Fig. 9. Smart devices in case studies (left: NODE-A and right: NODE-B).

performance than those randomly selected ones (R1 to R4). The experiment results of R5 can help
to evaluate the importance of initial profile selection in OPCIO with GA algorithm.
To evaluate the performance, we take the average fitness and the best fitness of each generation
as metrics. Consider each generation’s average fitness and best fitness as the metrics:
(1) The best fitness of kth generation refers to the lowest current draw that has been found
by the end of kth generation. This metric indicates how good a solution OPCIO can find.
(2) The average fitness of kth generation refers to the average current draw of each generation. Its trend indicates how fast OPCIO can find low-power solutions.
7.3 Case Studies
Obtaining the absolute minimum current draw in the sleep phase is impossible, since there is an
extremely large number of potential profiles for a specific device. Thus, we requested an experienced engineer to optimize the GPIO status of NODE-A and NODE-B carefully. The lowest current
draws he could find for NODE-A and NODE-B were 134 μA and 9.8 μA, respectively, and we take
them as ground truth for OPCIO.
By contrast, we recruited two users who major in software engineering to search for the minimum current draws for NODE-A and NODE-B according to the MCU’s datasheet. As a starting
point, both users downloaded STM32 sample codes from the official website as references. Because
the target devices have customized peripherals such as a radio chip, they ported those peripheral
drivers into the original program. The current draws in sleep phases of the original programs were
657 μA and 31 μA for NODE-A and NODE-B, respectively.
(1) NODE-A. In this section, we analyze the lowest current draw for NODE-A in the sleep phase
with OPCIO. For NODE-A, each GPIO pin can be individually configured by software as follows1 :
• Input state: analog, pull-up, pull-down, or floating mode.
• Output state: push-pull or open-drain mode.
According to the above information, we define INMODE and OUTMODE for NODE-A as
follows:
INMODE
← an|up|down| f loat,
OUTMODE ← pp|od.
1 It also supports alternate function output state. This state is used for special features in active phases, so we do not cover
this option in sleep phases.

ACM Transactions on Sensor Networks, Vol. 16, No. 2, Article 16. Publication date: January 2020.

OPCIO: Optimizing Power Consumption for Embedded Devices via GPIO Configuration

16:19

Fig. 10. Case study: the experiment results of NODE-A. We measure the power consumption of NODE-A for
five rounds. Here, R1 stands for the first experiment round, similar to other experiments.

Here, od and pp stand for open-drain mode and push-pull mode in output state; an, up, down,
and f loat stand for analog, pull-up, pull-down, and float mode in input state, respectively. For
example, if the first pin is set to open-drain output state with low output value, then we express it
as 1-out:low:op.
We show the experiment results for NODE-A in Figure 10. Though starting with different initial
profiles in the first generation, all experiments (R1–R5) converge to a current draw around 134 μA
finally as shown in Figure 10(a). As mentioned above, we run 20 generations in OPCIO, which
lasts for about five hours. As shown in Figure 10(a), all experiments can obtain an acceptable
profile that closes to the lowest current draw after the eighth generation, which is only about
two hours. It is worth mentioning that even if the initial profiles are randomly generated, the final
results of the first four experiments (R1–R4) are the same with the result where the initial profile is
carefully chosen (experiment R5). This means the results of OPCIO with GA are not impacted by the
initial profiles, which can work well for those engineers who are not familiar with the low-power
deployment.
We also notice that the average fitness in Figure 10(b) fluctuates significantly. The reason behind this is few profiles may obtain opposite evolutions after the mutation process. These profiles
with “outstanding” power consumption may contribute a lot when calculating average power consumption. The mutation is uncontrollable. Therefore, the average power consumption presents a
state of fluctuation.
(2) NODE-B. Each GPIO pin in NODE-B can be individually configured by software as follows:
• Input state: analog, pull-up, pull-down, or floating mode.
• Output state: push-pull, push-pull with pull-up, push-pull with pull-down, open-drain,
open-drain with pull-up, or open-drain with pull-down mode.
We define INMODE and OUTMODE for NODE-B as follows:
INMODE
OUTMODE
PP
OD
PULL

←
←
←
←
←

an|PULL,
PP|OD,
pp:PULL,
od:PULL,
f loat |up|down.
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Fig. 11. Case study: the experiment results of NODE-B. We measure the power consumption of NODE-B for
five rounds. Here, R1 stands for the first experiment round, similar for other experiments.

Here, PULL stands for the mode of pull resistors, which can be pull-up, pull-down, and float. For
example, if the second pin is set to push-pull output state with a pull-down resistor attached, and
the pin outputs high voltage, then it can be expressed as 2-out:high:pp:down.
Figure 11 reveals the results for NODE-B. Similarly, all experiments result in coverage to a current draw within 10 μA after 20 generations. As shown in Figure 11(a), all rounds get close to the
final solution after the 11th generation, which consumes about two and a half hours. The lowest
current draws found by the five experiments are 9.55 μA, 9.01 μA, 9.15 μA, 9.08 μA, and 8.64 μA,
respectively, which are all smaller than the one configured by the experienced engineer (9.8 μA).
7.4 Performance Evaluation for OPCIO and Discussion
In this section, we examine how much energy we can save by applying OPCIO for embedded devices
and then discuss the overhead of OPCIO.
7.4.1 Energy Consumption. As we explained above, obtaining the absolute minimum power
consumption of an embedded device is impossible; therefore, we take the power consumption
configured by experienced engineers as a replacement of the ground truth. For comparison, we
require two users to configure the GPIO pins according to the guidance of the MCU’s datasheet.
We define the improvement of OPCIO as the decreasing ratio of the power consumption in the sleep
phase, which can be calculated as:


Pmin
× 100%.
(11)
1−
Pdat asheet
Here, Pmin is the power consumption configured by OPCIO with GA, and Pdat asheet is the one that
configured according to the datasheet.
We summarize the energy consumption of NODE-A and NODE-B with different configuration
solutions during the sleep phase in Table 6. We first list the results configured by an experienced
engineer as the ground truth, and he consumes over 10 hours to obtain an acceptable power consumption from the device. We also list the results for OPCIO with GA (K = 10 and K = 20) and
OPCIO with greedy algorithm. The experiment results of OPCIO are the average current draw for
the five-round experiments. When comparing the power consumption configured according to the
datasheet, OPCIO with GA decreases the power consumption of NODE-A and NODE-B to 135.76 μA
and 9.09 μA on average, which reduces the power in sleep phases by 79.34% and 70.68%, respectively. We also observe that OPCIO with GA (K = 15) can achieve similar power consumption for
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Table 6. The Comparison of Configuring GPIOs with Different Methods
N O DE − A(I ac t iv e = 42.1 mA)

N O DE − B (I ac t iv e = 28.26 mA)

Current
draw(μA)

Time
(hour)

Evaluation
phase (hour)

Lifespan
(day)

Current
draw(μA)

Time
(hour)

Evaluation
phase (hour)

Lifespan
(day)

134

12

N/A

231

9.8

14

N/A

1011

657

48

N/A

59

31

63

N/A

668

135.76

5.56

2.78

230

9.09

5.56

2.78

1029

136.14

4.17

2.08

228

9.72

4.17

2.08

1014

/

/

/

/

209.075

1.64

0.82

173

Experienced
Engineer
Datasheet
OPCIO with
GA (K = 20)
OPCIO with
GA (K = 15)
OPCIO with
Greedy Algorithm
(Battery = 1000 mA).

Table 7. The Sequences of the Generation That Can Be Stopped in OPCIO
with Different User Requirements for NODE-A and NODE-B

Devices
NODE-A

NODE-B
1 The
2 The

Requirements
I < 140 μA
I < 138 μA
Marginal Improvement2
I < 12 μA
I < 10 μA
Marginal Improvement2

R1
4
6
12
14
15
17

R2
5
6
11
14
15
19

R3
3
6
9
12
17
19

R4
3
4
6
10
13
17

R5
6
6
8
12
15
17

Average1
5
6
10
13
15
18

average generations are rounded up to integers.
improvements are within 1% for five generations.

NODE-A and NODE-B with an experienced engineer while only costing 34.38% and 29.46% of
the time, respectively. We also notice that the greedy algorithm acquires an acceptable profile
after four rounds (6.56 hours). Based on this, we find that GA performs better than the greedy
algorithm.
7.4.2 Life Spans for Devices. The current draws for NODE-A and NODE-B during the active
phase are 42.1 mA and 28.26 mA, respectively. Given a 1000 mA battery and a device that is awake
for 1 second per 15 minutes, we calculate the lifespans of devices in Table 6.
We observe OPCIO with GA extends the devices’ lifespans significantly when compared with
the one configured according to the datasheet. For example, OPCIO extends NODE-A’s lifespan to
230 days, which is nearly four times more than the one configured according to the datasheet. In
the NODE-B case, OPCIO also extends the lifespan for nearly one year.
7.4.3 The Number of Generations in OPCIO. We stop the OPCIO after 20 generations in our experiments. However, it is feasible for users to stop the OPCIO when the first profile that satisfies
the low-power requirements is found or the improvement between generations is marginal. In Table 7, we summarize the sequences of the generation that can be stopped by users with different
low-power requirements.
As shown in Table 7, with different user requirements, OPCIO can be stopped at any generation.
For example, if the goal of the low-power configuration for NODE-A is within 140 μA, the user
only needs to run OPCIO for five generations on average. Based on the experiment settings, it takes
about 1.39 hours to finish the five-generation GA-based OPCIO. However, we choose to run OPCIO
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Fig. 12. Distribution of mode 0, 1, 13, and 14 in sleep phases: mode 0 and 13 exhibit the same distribution
pattern, whereas mode 1 and 14 exhibit the same distribution pattern.

for 20 generations, because we want to obtain extra low-power profiles to study GPIO statuses,
which will be discussed in Section 7.4.5.
7.4.4 Discussion. It is worth mentioning that configuring GPIOs’ statuses does incur extra delay when switching between the active phase and the sleep phase. Taking NODE-B as an example,
the switching delay from sleep to active is 2.2 ms, which includes waking up its MCU, waiting
for a radio to be stabilized, and waiting for an external data flash to be ready. Configuring GPIOs
will add 15 μs delay. Though 15 μs delay causes energy overhead, changing GPIOs’ statuses can
greatly reduce the energy consumption in sleep phases and prolong the battery life. Moreover,
OPCIO only focuses on low-power configuration for single-MCU embedded devices while it will
be more complicated in multi-MCU cases.
7.4.5 Explore OPCIO Results. As mentioned above, we run OPCIO for 20 generations and obtain
extra low-power profiles to study the GPIO statuses. In the following, we take NODE-B as an
example and present how to explore the low-power profiles found by OPCIO.
We found 340 different profiles whose current draws are less than 10 μA during the sleep phase
after running OPCIO on NODE-B five times. Given these low-power profiles, we first define hit and
miss of a mode on a pin:
For all the low-power profiles found by OPCIO, if a mode j appears at least once in pin i’s instructions, we call the mode j hits the pin i; otherwise, the mode j misses the pin i. We represent
this definition as follows:

1 mode j hits pin i,
(12a)
Hi, j =
0 mode j misses pin i.
(12b)
For example, H 1,0 = 1, because mode 0 appears in pin 1’s instructions; but H 2,0 = 0, because mode
0 is not seen in pin 2’s instructions among all the 340 low-power profiles.
Based on this definition, we have a matrix H whose jth column describes the distribution of
mode j on all GPIO pins. Figure 12 gives an example of the distribution of mode 0 (PP:0), mode 1
(PP:1), mode 13 (IN:PU), and mode 14 (IN:PD). Each bar represents the distribution of a mode, and
the y-axis represents a pin (only 32 pins are shown in the figure). If Hi, j = 1 (i.e., mode j hits pin
i), pin i is marked with black in mode j’s bar. For example, pin 1 is black in mode 0’s bar, because
H 1,0 = 1; but pin 2 is not colored in that bar, because H 2,0 = 0. As shown in Figure 12, mode 0 and
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Table 8. Classifications of Different
Modes in Sleep Cycles

Class
A
B
C

Mode
0, 4, 6, 10, 11, 14
1, 3, 9, 13
2, 5, 8

Class
D
E

Mode
15
7, 12

mode 14 have the same distribution. They both hit the same pins: 1, 5, 22, 23, 27, and 28. That
means mode 0 and mode 14 consume the same amount of energy in sleep phases. Interestingly,
in terms of functional features, they are completely different, because mode 0 is programmed as
output, whereas mode 14 is programmed as input. Similarly, mode 1 and mode 13 exhibit the same
distribution pattern. This observation confirms our hypothesis: Two modes could have different
functional features in active phases, but they may contribute to the same energy consumption in
sleep phases.
Motivated by this observation, we categorize all the modes of node NODE-B (Table 3) by calculating the correlation based on their distribution matrix H . The result shows that these 16 modes
can be grouped into five categories, which are listed in Table 8:
(1) Class A: The correlations of mode 0, 4, 6, 10, 11, and 14 are above 0.9, and thus they are
grouped in the same category. This can be explained by looking at their internal structures:
They all connect the pin to a low voltage level, regardless of their input or output status
in sleep phases. In addition, no current will flow through the pull-up resistor.
(2) Class B: Similarly, mode 1, 3, 9, and 13 are grouped in the same category, because their
correlations are also above 0.9. This is because they connect a pin to a high voltage level,
and no current will flow through the pull-down resistor in sleep phases.
(3) Class C: Mode 2, 5, and 8 are grouped in the same class, because our result shows that
these three modes never appear in the 340 low-power profiles, which means they are not
energy-efficient in sleep phases. The reason is that a small amount of current constantly
flows through the pull-up or pull-down resistors, which introduces extra energy consumption. This extra energy consumption is not noticeable in active phases, but it becomes a
major source of energy waste in sleep phases.
(4) Class D: Our result shows mode 15 is the most frequently used mode for those unoccupied
GPIO pins in the 340 low-power profiles. This is because in analog mode the pull-up and
pull-down resistors are disabled, and the path to the MCU’s data registers is cut off, which
leads to zero consumption for unoccupied I/O pins.
(5) Class E: Mode 7 and mode 12 are in the same category based on our result. This can be
explained by their internal structures: both of them leave a pin in the floating state.
We conclude the analysis of the platform of NODE-B as follows:
• For unoccupied GPIOs, modes in class D are recommended, because they consume the minimum energy;
• For occupied GPIOs, modes in class A are recommended for those that must be kept as a
low voltage in sleep, and modes in class B are recommended for those that must be kept as
a high voltage in sleep. In addition, modes in class A are interchangeable in sleep phases,
and so are modes in class B;
• In any case, modes in class C are not recommended, because they can be major sources of
energy consumption in sleep phases.
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One may argue that the above conclusions can be included as guidelines in an MCU’s datasheet
or officially released sample codes so the GPIO exploration at runtime can be avoided. Unfortunately, most existing datasheets provided by the MCU manufacturers do not include such guidelines. The official sample codes are mainly developed with the purpose of illustrating functional
features and are typically developed on evaluation boards, which may have distinct peripherals
from customized device boards and the optimal GPIO configuration varies. Therefore, it is helpful
and convenient to utilize OPCIO to find an optimal GPIO configuration in sleep phases for various
device platforms.
7.5 OPCIO Summary
OPCIO has several advantages and can be extended to other device models:
(1) OPCIO provides another angle of view to further reduce the power consumption for embedded devices, which can be easily combined with existing low-power mechanisms that
worked in the active phase.
(2) OPCIO can quickly converge to approach an optimal low-power solution and can help programmers with little hardware knowledge to find out what is the lifespan of devices. It
can help hardware designers or programmers with abundant hardware expertise to find
out the minimum feasible current draw in a sleep phase, because possible hardware manufacturing or hardware design faults can make it tricky to configure GPIO pins so they
cannot achieve low-power requirement.
(3) OPCIO can help users to better understand their platform especially for those developers
who have little experience in hardware and low-power embedded systems;
(4) OPCIO can be easily tailored to work with different wireless nodes. Although we use
ZigBee-based devices as our case study, they can also be used in other networks such
as BLE (Bluetooth Low Energy) as long as the decision controller in OPCIO can communicate with devices. To achieve this, one can simply put a proxy node as what we presented
in our case studies.
8 RELATED WORK
OPCIO attempts to reduce the energy consumption for low-duty-cycle embedded devices during
the sleep phase and extend the system lifespan eventually. The related work includes low-dutycycle platforms, energy management techniques, and energy harvesting techniques.
Low-power low-duty-cycle wireless platforms. A typical embedded system consists of a
processing module, sensing modules, and a communication module. Extensive research has shown
that a microcontroller (processing module) and a radio chip (communication module) are the most
power-hungry modules in a sensor node. As a result, much attention has been devoted to reducing
energy consumption on microcontrollers and radio chips. For example, during the design of
wireless sensor nodes [12, 31], low-power microcontrollers and radio chips are carefully selected
to minimize the node’s overall energy consumption. It is recognized that operating in the sleep
mode consumes much less energy than the active mode, thus many battery-powered applications
usually operate systems in low-duty-cycle (duty cycle < 1%) or even ultra-low-duty-cycle (duty
cycle < 0.5%). For example, Moghaddam et al. proposed a soil moisture sensing system [25] that
monitors the moisture of the underground soil periodically. Embedded with numerous peripheral
modules, the current draw of the device in the active mode is up to 95 mA, which constrains the
lifespan of the system with limited power. By setting the system in ultra-low-duty-cycle mode
(duty cycle = 0.125%), the lifespan of the system is significantly extended. Other platforms such
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as UP-Link [21], IT-WSN [42, 47, 48], and smart gas monitoring system [13] also face similar
challenges, and they set the duty cycle to 0.0014%, 0.111%, and 0.01%, respectively.
Energy management via DPM and DVS. Dynamic Power Management (DPM) [7, 26, 46] and
Dynamic Voltage Scaling (DVS) [19, 45] are two main dynamic energy management techniques
that reduce the power of embedded systems. DPM saves energy by putting a node into low-power
mode dynamically and prolongs the idle cycle as much as possible, whereas DVS saves energy by
reducing the supply voltage and operating frequency. DPM strategies may utilize machine learning
or accurate phase prediction to identify a proper idle period and a timeout value to duty cycle
a device. A recent DVS strategy [24] exploits a task scheduling technique to minimize energy
consumption.
Compared with DPM and DVS, which prolong battery life by duty cycling a node in time domains and voltage domains, our work differs from theirs in the sense that we reduce the power in
sleep cycles.
Energy harvesting in WSNs. Energy harvesting technologies, converting ambient energy to
electrical energy, are promising to solve the conflict of battery life and battery capacities [41].
Gorlatova et al. characterized the energy availability in indoor environments and developed energy allocation algorithms for energy harvesting devices [11]. Porcarelli et al. designed a two-stage
energy conversion circuit to transform energy from air-flow [32]. GRAPMAN proposed a novel
power management strategy for energy-harvesting WSNs and dramatically promoted the feasibility of energy-harvesting technique [5]. Lee et al. developed an oceanic sensing platform utilizing
small-scale benthic microbial fuel cells [20].
Although energy-harvesting technologies are promising, not all sensing applications can take
advantage of the technologies due to their deployment environments. Therefore, searching for
low-power solutions is still important, and OPCIO can be handy in this case.
In addition to general platforms such as MICAz and TelosB, many low-power low-duty cycle
wireless platforms for dedicated purposes have also been developed. For example, a low-power
wireless medical device platform was designed for a wide range of medical and sports applications [10]. Using low standby current technologies, this device has a lifespan of over 10 years on a
single 200 mAh lithium watch battery. Dozer, a data-gathering platform, achieves an average radio
duty cycle of 0.16% by efficiently coordinating the MAC-layer and the routing protocol [6]. Koala is
a reliable data-retrieval system designed for long-term environmental monitoring networks [28].
Letting the device sleep most of the time and reviving them through an efficient wake-up strategy,
Koala can achieve ultra-low duty cycles at permille (0.1%).
OPCIO is originally proposed to optimize the energy consumption of the wireless device platform
deployed in intertidal zones (IT-WSNs) where wireless channels are intermittent, and nodes operate at ultra-low duty cycles around 0.11c%. However, OPCIO is hardware-independent and therefore
can be extended to other device platforms with minor modification by defining the structure of
their own configuration options.
9 CONCLUSION
Operating on ultra-low-duty cycles, a modern embedded device’s energy consumption in the sleep
phase can greatly affect its lifespan. We discover that a large portion of MCU pins are GPIO pins
and if not configured properly, they can lead to 1,500-fold difference in device lifetime. Finding the
right configuration that minimizes the energy consumption in the sleep phase requires hardware
expertise, a great burden on software developers. In this article, we designed OPCIO, an automated
framework that searches low-power solutions using off-the-shelf devices. Our evaluation of OPCIO
on two embedded device platforms shows that OPCIO can effectively find configurations inducing
low energy consumption. We therefore envision that with the help of OPCIO, the developers can
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easily extend the lifetime of embedded devices. As a direction of future work, it is worthwhile to
validate OPCIO on other device platforms, and we believe that OPCIO can be used to understand
the energy consumption distribution and to improve the design of embedded devices.
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